











4. Conclusion

Collaborative filtering recommendation system has always maintained a high research
enthusiasm, and has been widely used in the commercial field, especially in the e-commerce
industry, bringing huge commercial wealth. Collaborative filtering technology is not confined to the
field. It has strong versatility and principle of life. It is widely used in various fields. However, it is
facing many challenges because of the impact of large data. Especially, the large amount of data is
sparse, which brings a test to the recommendation effect and computational efficiency. Compared
with the traditional recommendation algorithm, the accuracy of recommendation has been greatly
improved. The specific steps of the algorithm are described in detail, including the establishment of
user trust model, the calculation of mixed weights, the generation of nearest neighbors, score
prediction and so on. The effectiveness of the improved algorithm is verified by experiments. For
example, the rapid growth of network resources has made it difficult for network users to extract
truly effective information resources from massive information. At the same time, the algorithm
proposed in this paper still has some shortcomings: the recommended coverage has not been
significantly improved. How to better use the scoring information to optimize the algorithm model
to achieve the effect of improving recommendation accuracy and coverage at the same time is the
focus of the next research work. The experimental results show that it is feasible to introduce the
trust factor into the collaborative filtering algorithm, and the recommended result is significantly
improved. And the trust degree calculation method in this paper is also flexible and adapTable,
which greatly improves the accuracy of the recommendation algorithm.
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