








 

4. Conclusion 
Collaborative filtering recommendation system has always maintained a high research 

enthusiasm, and has been widely used in the commercial field, especially in the e-commerce 
industry, bringing huge commercial wealth. Collaborative filtering technology is not confined to the 
field. It has strong versatility and principle of life. It is widely used in various fields. However, it is 
facing many challenges because of the impact of large data. Especially, the large amount of data is 
sparse, which brings a test to the recommendation effect and computational efficiency. Compared 
with the traditional recommendation algorithm, the accuracy of recommendation has been greatly 
improved. The specific steps of the algorithm are described in detail, including the establishment of 
user trust model, the calculation of mixed weights, the generation of nearest neighbors, score 
prediction and so on. The effectiveness of the improved algorithm is verified by experiments. For 
example, the rapid growth of network resources has made it difficult for network users to extract 
truly effective information resources from massive information. At the same time, the algorithm 
proposed in this paper still has some shortcomings: the recommended coverage has not been 
significantly improved. How to better use the scoring information to optimize the algorithm model 
to achieve the effect of improving recommendation accuracy and coverage at the same time is the 
focus of the next research work. The experimental results show that it is feasible to introduce the 
trust factor into the collaborative filtering algorithm, and the recommended result is significantly 
improved. And the trust degree calculation method in this paper is also flexible and adapTable, 
which greatly improves the accuracy of the recommendation algorithm. 

Acknowledgement 
This paper was supported by Yunnan Province Department of Education Science Research Foun

dation Research on the Recommended Algorithm of Collaborative Filtering with Large Data Techno
logy (2019J0828). 

References 
[1] Chen M, Mao S, Liu Y. Big Data: A Survey[J]. Mobile Networks and Applications, 2014, 
19(2):171-209. 
[2] Fan J, Han F, Liu H. Challenges of Big Data analysis[J]. National Science Review, 2014, 
1(2):293-314. 
[3] Gandomi A, Haider M. Beyond the hype: Big data concepts, methods, and analytics[J]. 
International Journal of Information Management, 2015, 35(2):137-144. 
[4] Assuncao M D, Calheiros R N, Bianchi S, et al. Big Data Computing and Clouds: Trends and 
Future Directions[J]. Journal of Parallel & Distributed Computing, 2013, 79-80:3-15. 
[5] Kitchin, Rob. The real-time city? Big data and smart urbanism[J]. GeoJournal, 2014, 79(1):1-14. 
[6] Lv Y, Duan Y, Kang W, et al. Traffic Flow Prediction With Big Data: A Deep Learning 
Approach[J]. IEEE TRANSACTIONS ON INTELLIGENT TRANSPORTATION SYSTEMS, 
2015, 16(2):865-873. 
[7] Specht, D. Book Review: The Data Revolution: Big Data, Open Data, Data Infrastructures and 
their Consequences[J]. Media, Culture & Society, 2015, 37(7):1110-1111. 
[8] Pagare R, Patil S A. Study of Collaborative Filtering Recommendation Algorithm Scalability 
Issue[J]. International Journal of Computer Applications, 2014, 67(25):10-15. 
[9] Xiaojun, Liu. An improved clustering-based collaborative filtering recommendation 
algorithm[J]. Cluster Computing, 2017, 20(2):1281-1288. 
[10] Wang X Y, Liu H. Collaborative Filtering Recommendation Algorithm Integrated into 
Co-Rating Impact Factor[J]. Advanced Materials Research, 2014, 926-930:3004-3007. 

109




